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© compute tag-entropy

Measures the goodness of a cluster
against a gold standard tagset.
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B cluster the network
TE(c) = -2.[p, log p; + (1-p;)log(1-p;)]

p; = fraction of words for which tagi is 1
MTE = 1/r 2.TE(c,)
WMTE = 1/N 2| c;| TE(c))
r = number of clusters
N = number of nodes in the network

Chinese Whispers Algorithm: non-
parameterized, random walk based

Agglomerative Hierarchical Cluster-

ing: Number of clusters can be
decided a priori

|. Topological properties of word networks

Il. Tag-entropy based analysis

are defined as feature wordes.

3 generate context vectors
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4 construct word network

Words are nodes. The weight of the edge
between nodes (words) u and viis:

sim,(u,v) = (1 —cos(u, v))*
sim_(u,v) = cos(u, v)

I1l. Linguistic Analysis

Example Clusters:




